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Green Data Science Network monitoring and analysis

Lage der Monitoringflachen
TLS measurements: 2022, 2023, 2024
@ Kem-Intensivbeobachtungsfische

@ Intensivbeobachtungsfloche
TLS measurements: 2023

\(]'| Tube

TOplc-Lead: gl'. ?Ja\ssm'lnt'Ltampert Tree circumference can be used to draw many conclusions about tree health TOplC'Lead: Dr' ,Pedr9 c,asas
enior Scients and growth. In the course of the #Al4Trees project, researchers are now trying Senior Scientist
to better understand the natural processes behind this using artificiz ...see more
o R4y
Customers: umwelt=data p? & GeoSphere 4 <= —»
-~ (= Austria GeoVYille W Customers: Telecommunications equipment manufacturer A R
RESEARCCHEzlESOVATION =

Access Network T

Topic Goals: * Aland Data Science methods for tackling climate change Topic Goals: Design and develop a machine-learning based system for end-to-end (») —

*  Making Al algorithms computationally more efficient monitoring of encrypted streaming traffic

*  Development of physics-informed machine learning framework for
weather and climate predictions

network .f

g . L il () passive ey
Nattrliche Intelligenz kiinstlich operator probe iCloud
verstehen . : . . : e
Topic Results: . Machine learning models to predict occurrence of streaming
1 Artikel von Anita Zolles (BFW), Karl Gartner . . .
(BP0 | 26102022 - 122 degradation in encrypted traffic
Uber den Baumumfang kénnen vielerlei Riickschliisse auf Baumgesundheit und o Machine Iearning models to predict user WatChing and playbaCk
Wachstum gemacht werden. Im Zuge des FFG-geférderten Projekts Al4Trees . . .
versuchen Forschende nun, mittels kiinstlicher Intelligenz die natiirlichen behaviorin encrypted traffic
» Database for Modelling Sample Plot 15: Mrzzuschiag Vorginge dahinter besser zu verstehen. Ziel ist neben der Untersuchung von
10 paum-n] y-koord. | xckoord: | z-koord. paumar] kreschiem | 4 97 % | tsvunkid Jempledo] mutch [ madstnd] ~ EXtremereigni auch die Identifikation wichtiger Monitoringparameter. . Open software-based monitoring solution for monitoring of encrypted
27 30 -50798.6 | 277511.2 754.64 1 1.9 242 256 263 tree 0017 0.325 [SFCIFS6| 1.3831. )
s TosomsTormas e 4 oo T3 T 01 T sws T vewoow 33: network traffic
S5 somss [armss [ rss | 4| sn | s | a1 | a0 | iew-oo | osir formone Losmeses | t of network t biliti d ted
. . - ; : NET S O O O Y W T . mprovement of network management capabilities under encrypte
Topic Results: - Explainable Al models for predicting tree growth mar 20 g EREURTRR SR RrOaRR Do e twork traffic scenarios d P vp - moare e oo

+  Data-driven prediction of vermin occurrence = -
Prediction vs actual data

T . 60000
»  Susceptibility maps for shallow landslides Ll ey train
. . -=== y_pred
»  Data quality assurance for environmental sensors © 40000 ¥ test
E -------- =y pred
20000
o A © © <] &
& & 3 3 g &
time

S 77 7 7S 7SS S S S S



